
 



 
 
 
 

AI That Knows Its Limits 

A Plain-English Guide to Using AI Without Getting Fooled 
By Andrew “Dru” Edwards 

  



Introduction: Why I Wrote This 
Most of what people hear about AI is either hype or fear. One side says it's going to fix 

everything; the other says it's going to take everything. Both are selling you something, and 

both leave regular people more confused than when they started. 

I build AI systems and I work in healthcare, where being wrong has a cost. So I don't have 

patience for the hype or the doom. What I have is a simple belief: technology should work 

for people, not the other way around. And I aim everything I build down and out, at the 

people the system usually talks past, because I've spent plenty of time being one of them. 

The best AI isn't the one that pretends to be magic. It's the one that knows its limits, fast and 

useful inside a boundary, with a human owning the judgment. 

This book is for the person the tech industry usually leaves out of the conversation. No code, 

no jargon you have to pretend to understand. Just how this stuff actually works, where it 

falls apart, and how to use it without getting fooled. A lot of what's in here comes straight 

from my own notes and my own bench, years of pulling apart talks, papers, and tools, 

building agents on my own hardware, and keeping only what holds up in the real world. 

  



Chapter 1: What AI Actually Is, and What It Isn't 
Let's clear the fog first. Today's AI is not a conscious mind, and it's not "smart" the way a 

person is smart. It doesn't know things. It doesn't understand you. What it does is recognize 

patterns and predict what comes next, based on an enormous amount of text and data it 

was trained on. I build with these tools every day, and I still talk to them that way in my 

head, as a prediction engine, not a mind, because the second you forget that, it fools you. 

Here's the gap that matters most, and it's the one almost nobody explains: AI doesn't 

understand cause and effect. It sees correlation, not causation. A self-driving system trained 

on sunny Florida roads can fail on icy Alaska roads, not because it isn't "intelligent," but 

because it never built a real model of why roads behave the way they do. It learned what 

usually goes with what, not what causes what. Strip away the marketing and that's the 

ceiling on today's systems. 

There's also a stranger truth from the inside. When researchers at Anthropic looked at how 

their model actually processes a question, they found it doesn't think in English. It works in 

a kind of language-agnostic conceptual space and only turns those concepts into words at 

the very end. So the thing you're talking to is more abstract than the words coming out of it, 

and a lot less human than it sounds. 

My rule of thumb: when you hear "AI thinks" or "AI decided," translate it to "the system 

predicted a likely pattern." That one swap protects you from half the bad takes out there. 

It's a powerful tool, not a brain, not a friend, not an oracle. 

  



Chapter 2: How It Actually Works, in Plain English 
Here's the honest version, no math, the way I explain it to people in my life who aren't 

technical and don't want to be. 

You take an enormous pile of examples, text, images, whatever, and you train a system to 

spot the patterns in it. It doesn't memorize rules or logic. It learns patterns as math, turning 

words and ideas into numbers and learning which numbers tend to follow which. After 

enough examples, it gets very good at one thing: given some input, predict a plausible 

output. 

For a long time people assumed it was just guessing the next word, one at a time, with no 

plan. Turns out that's not quite right. Anthropic's research found the model actually plans a 

few words ahead. It has a rough idea of where the sentence is going before it gets there. 

That's why the output reads as coherent instead of rambling. It's still prediction, but 

prediction with a little foresight baked in. 

The way I picture it: imagine someone who has read more than any human ever could, has a 

strong instinct for what usually comes next, and zero firsthand experience of the real world. 

Incredibly well-read, no lived judgment. That's not far from how our own brains organize 

information, through maps of how things relate, except your brain ties those patterns to real 

experience and consequences, and the model doesn't. That missing piece is the whole 

reason you still have to be in the room. 

This is why it can write a solid first draft in seconds and also invent a fact that never existed. 

Both come from the same place. It isn't lying and it isn't being lazy. It's predicting, and 

prediction is right most of the time and wrong some of the time. Your job is to know which 

is which. 

  



Chapter 3: What It's Great At vs. Where It Falls Apart 
Use a tool for what it's good at and you win. Use it for what it's bad at and you get burned. 

I've done both, so let me save you some of the burns. 

What it's great at: short, well-defined tasks with a clear finish line. First drafts, summarizing 

long things, brainstorming options, explaining a concept at your level, cleaning up 

formatting, and grinding through repetitive work that drains your hours. Anything where 

"fast and roughly right, then I'll fix it" is the goal. 

Where it falls apart: long, open-ended work that takes many steps and judgment to know if 

it's even going well, and anything that needs current, verified facts or real-world cause-and-

effect. Remember the Florida-to-Alaska problem: the moment the situation drifts from what 

it trained on, it has no causal model to fall back on, so it fails confidently. I've watched it 

hand me a clean, self-assured answer that was flat wrong, and in my world, in healthcare, 

that exact kind of confidence is what gets people hurt. It does not know when it doesn't 

know, so you have to. 

There's even a physical ceiling worth knowing about. Your brain runs on roughly 20 watts, 

about a dim light bulb. The big AI models run in data centers that burn through enormous 

power and money, and that cost is starting to hit real limits. The lesson isn't a number, it's a 

mindset: these systems are not free, not limitless, and not magic. They're powerful tools 

with hard edges. 

So my rule: let AI do the work where a fast, checkable draft helps, and keep the work where 

judgment and being-right actually matter. 

  



Chapter 4: Talking to AI So It's Actually Useful 
Most people get weak results because they treat AI like a search box. I treat it like a sharp 

new coworker instead, someone capable but brand new, who knows nothing about my 

situation until I tell them. 

Here's a lever almost nobody pulls: your output is only as good as your input. Knowledge 

work is really four steps: input, process, output, feedback. Everyone obsesses over the 

output while ignoring the input. Feed the AI generic internet mush and you get mush back. 

Feed it strong source material, real reports, good documents, your actual context, and the 

quality jumps. The people I see getting the most out of these tools spend their effort on what 

goes in. 

The second lever is how you ask. A one-shot prompt ("write me an essay") gets a one-shot 

answer. The way I actually work it is iterative, like you'd work with a person: have it 

research, draft, then critique its own draft and fix the holes. AI that's told to reflect on its 

own work and refine consistently beats AI asked to nail it in one pass. So don't just ask for 

the final thing. Walk it through the steps and make it check itself. 

And use the move people are shy about: tell it "explain this like I've never seen it before," or 

"what am I missing here?" It will, every time, and nobody's watching you ask. I use that one 

constantly. 

One task at a time. Get good at handing off a single thing and checking the result, then do it 

again. That habit compounds faster than any list of clever prompts. 

  



Chapter 5: Don't Get Fooled 
This is the chapter I care about most, because it's the one that protects you. AI will be wrong 

sometimes, and it will be wrong in a confident, well-written voice. So the most important 

habit you can build is simple: treat every answer as a draft until you've checked the parts 

that matter. 

Understand why it's confidently wrong. Researchers call it motivated reasoning. The model 

can build a clean, convincing-sounding argument for a conclusion without ever checking 

whether it's true. It's not lying on purpose; it's pattern-matching to something that sounds 

right. A polished, logical answer is not the same as a correct one, and you can't tell the 

difference from the tone. That's the trap. 

Which leads to the single most important rule I follow: if the model gets something wrong, 

asking it again won't save you. It'll just rationalize the same mistake more smoothly. You 

have to check against something outside the model: a real source, an expert, a test, your 

own experience. Don't let the AI grade its own homework. 

Then there's bias, and this one isn't abstract for me. AI learns from history, and history isn't 

fair, so the model quietly carries that unfairness forward. In 2019, researchers found a 

healthcare algorithm used on roughly 200 million Americans was racially biased. Not on 

purpose, but because it used past healthcare spending as a stand-in for how sick a patient 

was. Less had historically been spent on Black patients for the same conditions, so the 

system decided they were healthier and under-referred them for care. I work in healthcare, 

and I've been on the wrong side of systems that weren't built for me, so when I build, I 

assume the bias is in there and I go looking for it. The efficiency was real. The harm was 

real. They came from the same line of code. 

Your skepticism is not a weakness here. It's the most valuable thing you bring. 

  



Quick and practical, because this part is easy to get wrong. When you type something into a 

public AI tool, treat it like you're handing it to a stranger, because in a sense you are. Don't 

paste anything private, confidential, or regulated: medical information, passwords, financial 

details, other people's personal data, or anything from work that's protected. Learn on low-

stakes material first. 

Here's the part most people don't know they have: you don't have to send your data to 

anyone's servers at all. You can run AI locally, on your own machine. I do. I run my own 

models on my own hardware, partly because I don't love handing sensitive things to 

someone else's server, and partly because I've seen how casually a lot of these companies 

treat your data. Free tools like Ollama let you download open models from companies like 

Meta and Google, and an interface like Open WebUI gives you a ChatGPT-style window. 

Except nothing ever leaves your house. No prompts logged in someone's database, no 

profile being built on you. 

The trade-off is honest: local models are smaller and less capable than the big cloud ones, 

and they lean on your computer's hardware, so you start small and scale up as your 

machine allows. Ignore anyone claiming you can run a top-tier model on a basic laptop. 

That's hype. But for personal use, learning, and anything sensitive, a private local setup is a 

real option, and almost nobody tells regular people it exists. Now you know. 

None of this is a reason to be afraid of the tools. Keep the sensitive stuff out, learn on the 

cheap-to-be-wrong material, and know that "private and local" is on the menu when you 

need it. 

  



Chapter 7: AI at Work: Lose the Middle, Keep the Ends 
People walk into this topic scared because the headline they absorbed is "AI is going to take 

the jobs." It's a clean story, and it's the wrong frame. Working from the wrong frame is how 

people make bad moves with their careers. 

The truer version: AI doesn't delete the work, it shifts it. It eats the slow middle of a task, the 

research, the first draft, the boilerplate, the email triage, and leaves you the two ends that 

need a human: deciding what to do, and judging whether the result is any good. Lose the 

middle, keep the ends. Picture it as a sandwich: a human on top frames the work, the AI 

grinds the middle, a human on the bottom reviews and builds on it. The day you let go of 

one of those ends is the day quality slips without you noticing. 

So roles don't vanish. They transform. The accountant becomes a financial strategist who 

uses AI. The paralegal becomes a researcher who uses AI. The jobs that disappear are the 

ones that were fully repetitive and codified; the jobs that survive are the ones where AI is a 

tool in a skilled person's hands. 

Here's how I'd tell you to actually get ahead instead of just keeping up: don't use AI to 

generate what everyone else generates. Use it to think and research faster than everyone 

else. I lean on agents I built to scan a stack of sources and pull out the handful of things 

worth my attention, so I'm not the one doing the read-everything part anymore. What 

changed wasn't that I got free hours to do nothing with. The bottleneck moved, from 

gathering to deciding what the gathered stuff means, which is the part I'm actually useful 

for. Your edge isn't the automation everyone has. It's judgment plus speed. 

  



Chapter 8: The Human Stays in the Loop 
Everything in this book lands on one idea, and it's the one I build my whole approach 

around: the human stays in the loop, on purpose. 

Start with a reality check on the hype. You'll hear "autonomous AI agents" sold like they can 

run on their own. They can't, not really, not yet. A truly autonomous agent would have to set 

its own goals and adapt to brand-new situations, and that takes a causal model of the world 

that today's systems don't have. A DeepMind paper made the point sharply: any agent that 

can handle a changing environment has to learn how the world actually works, cause and 

effect, and we don't know how to build that automatically. I build agents and I'll tell you 

straight: when a product promises a hands-off AI employee, be skeptical. What works right 

now is a hybrid. The AI drafts, uses tools, and plans steps, and a human reviews before it 

counts. 

That's because AI has no stake in the outcome and no judgment about your situation. It 

doesn't know what matters to you, what's at risk, or who gets hurt if it's wrong. And a lot of 

real work has no clean "right answer" for it to aim at. "Is this good code?" or "is this the right 

call?" depends on context, trade-offs, and people. Someone has to define what success even 

looks like, and that someone is you. That's not micromanaging the machine; that's the actual 

job. 

So I build my systems to know their limits: to flag uncertainty, to stop and ask, to hand the 

hard call back to a person instead of bulldozing through. That's not a constraint I put up 

with; it's the point. On anything high-stakes, someone's job, money, health, safety, a person 

owns the decision and a person checks the result. Use AI to multiply what you can do. Keep 

the judgment where it belongs. 

  



Closing 
If you remember one thing, make it this: AI is a power tool, and it's only as good as the 

hands on it. Don't fear it, don't worship it, and don't hand it your judgment. Learn what it's 

great at, stay sharp about where it fails: the missing cause-and-effect, the confident wrong 

answers, the limits nobody advertises. Keep the human in the loop, and you'll get the 

benefits without getting fooled. 

That's an AI that knows its limits. And it starts with you knowing yours. I built my whole 

way of working around that line. I think it'll hold up for you too. 

Dru Edwards 

 


